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1-Introduction 2- Methodology

Falls in the elderly are the

number one cause of

traumatic death in this

population. We propose a

Bayegian Ngtwork model to Develop model to

predlct_ the risk factc_)rs for oredict risk factors (2

fall, built on the basis of -

e general statistical
information (dataset)

e the knowledge about risk
factors (Ontology)

e partial observation about
a given person.

Data for this study was

provided by Hospital of Grand Idea

Lille, France.

Validate the Bayesian
network model by
comparison with well
known classifiers

Data
preprocessing,
Missing value
@ Imputation and
Selection of
Variables

Evaluate the risk factors to prevent the falls in elderly
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5- Conclusion 4- Accuracy using all/ partial observations
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